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FY22 Budget Training
using and generating evidence
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• How do you assess the existing evidence base?
– Methods 101 crash course

– The Evidence Scale

• When and how might you invest in generating 
new evidence?

learning objectives

• Recall other resources:
– Budget Instructions

– Decision Package Template

– Examples (good and bad)

– Website Trainer

– Office Hours

http://omb.ri.gov/budget/instructions/index.php


what evidence do you need?
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types of metrics

inputs outputs outcomes impacts
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types of metrics

inputs outputs outcomes impacts

staff 
facilities
materials
etc.

# people served
# job apps 
submitted

# employed
average wages

Increase in 
employment or 
wages CAUSED 
BY the program
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aims of evaluation

inputs outputs outcomes impacts

staff 
facilities
materials
etc.

# people served
# job apps 
submitted

# employed
average wages

Increase in 
employment or 
wages CAUSED 
BY the program

implementation

outcome

impact
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need a counterfactual
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who benefited the most from the jobs program?

Aack, I can’t find the publication citation for this data! 
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finding the evidence you need
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evidence clearinghouses

https://www.youtube.com/watch?v=AFuOslr2cSw&feature=youtu.be 

https://www.pewtrusts.org/en/research-and-analysis/data-visualizations/2015/results-first-clearinghouse-database
https://www.youtube.com/watch?v=AFuOslr2cSw&feature=youtu.be


11 Tips for Doing Desk Research

https://docs.google.com/document/d/1fQoufoQh-t_-sltGmVDrlN5ZdfhTu783Yf2o2F0TQUE/edit
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▢ Too few people were studied
▢ The people studied are not representative of 

the population you care about
▢ Causal claims made, but no counterfactual 
▢ Effect sizes are not talked about clearly
▢ Fishy handling of the data

WARNING: study quality
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• File drawer problem
• P-hacking

fishy handling of data

See generally, Lindsay, Simons, & Lilienfeld, “Research Preregistration 101,” APS Observer (December 2016).

Science Isn’t Broken
It’s just a hell of a lot harder than we give it credit for

https://www.psychologicalscience.org/observer/research-preregistration-101#.WMIWj_krLic
https://fivethirtyeight.com/features/science-isnt-broken/#part1
https://fivethirtyeight.com/features/science-isnt-broken/#part1
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pre-analysis plans help avoid fishiness

See https://osf.io/yjyng/ for the publically pre-registered analysis plan. See also https://osf.io/q6c45/ for PVD Talks example.

https://osf.io/yjyng/
https://osf.io/q6c45/


methods crash course
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inputs
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outputs
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outcomes
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impacts
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1. People may answer in ways they think you 
want, rather than what they really think. 

2. People can’t report unconscious causes of 
behavior.

3. Memory is faulty.
4. Often not a sufficiently representative 

sample.

wait, can’t folk just self-report impact?  

See e.g. GSA Office of Evaluation Sciences, “Reducing Self-reporting Errors by IFF Form Users.”

https://oes.gsa.gov/projects/iff-reporting-errors/
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29Fischhoff (1991). Value elicitation: Is there anything in there? Ame. Psych., 46(8): 835-847.  

family context

work context
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1. randomized controlled trials (RCTs)
2. “natural” experiments
3. pre-post comparisons
4. multiple regression / matching
5. instrumental variables 
6. regression discontinuity

30

causal methodologies

See also, “10 Strategies for figuring out if X caused Y,” EGAP Methods Guide.

https://egap.org/methods-guides/10-strategies-figuring-out-if-x-caused-y


©
 Y

o
ku

m

1. randomized controlled trials (RCTs)
2. “natural” experiments
3. pre-post comparisons
4. multiple regression / matching
5. instrumental variables 
6. regression discontinuity

31

causal methodologies

See also, “10 Strategies for figuring out if X caused Y,” EGAP Methods Guide.

https://egap.org/methods-guides/10-strategies-figuring-out-if-x-caused-y
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RCTs



body-worn camera study
bwc.thelab.dc.gov 

http://bwc.thelab.dc.gov
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1. randomized controlled trials (RCTs)
2. “natural” experiments
3. pre-post comparisons
4. multiple regression / matching
5. instrumental variables 
6. regression discontinuity
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causal methodologies

See also, “10 Strategies for figuring out if X caused Y,” EGAP Methods Guide.

https://egap.org/methods-guides/10-strategies-figuring-out-if-x-caused-y
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causal methodologies

See also, “10 Strategies for figuring out if X caused Y,” EGAP Methods Guide.

https://egap.org/methods-guides/10-strategies-figuring-out-if-x-caused-y
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1. randomized controlled trials (RCTs)
2. “natural” experiments
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5. instrumental variables 
6. regression discontinuity
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causal methodologies

See also, “10 Strategies for figuring out if X caused Y,” EGAP Methods Guide.

https://egap.org/methods-guides/10-strategies-figuring-out-if-x-caused-y


The regression was significant, (R2 = 
.05), F(9, 1775) = 12.96, p < .001. But 
the effect of language condition was 
marginal and had a negative rather 
than the expected positive slope, 𝛽 = 
-.039, heteroskedasticity-consistent 
(HC) SE = .-23, p = .088.



Regression
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• Weight = 115 + 8.6(Height_Inches)
– all else equal, each additional inch of height 

predicts an additional 8.6 pounds of weight

the basics
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the basics
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the basics

the “best fit” line



Regression
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• An interactive app, to get an intuitive feel for 
the “best fit” line:
– http://www.shodor.org/interactivate/activities/Re

gression/ 

the basics

http://www.shodor.org/interactivate/activities/Regression/
http://www.shodor.org/interactivate/activities/Regression/


Regression
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visualizing one predictor

the “best fit” line
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visualizing two predictors

Image from: http://geography.uoregon.edu/bartlein/courses/geog495/lectures/lec13.htm 

http://geography.uoregon.edu/bartlein/courses/geog495/lectures/lec13.htm
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visualizing three plus predictors
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1. Look at the data. 

2. Ask yourself whether all the relevant 
predictors are included in the model.

two tips



the evidence scale
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an evidence continuum



when and how should you 
generate more data?
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what don’t you know, that matters?

inputs outputs outcomes impacts

staff 
facilities
materials
etc.

# people served
# job apps 
submitted

# employed
average wages

increase 
employment or 
wages CAUSED 
BY the program

implementation

outcome

impact
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what effect size(s)?
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52See generally, Feldman & Haskins, “Low-cost randomized controlled trials” (2016) .

Opportunity: 
low-cost RCTs / evaluation

http://www.evidencecollaborative.org/toolkits/low-cost-randomized-controlled-trials
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1. Look at your raw data
a. What’s missing? 
b. Do the entries make sense?
c. Do formats change over time?

2. Create a data dictionary
3. Do field work to understand how data were 

generated.
a. Pro Tip: Map it to your process map

4. Look at visualizations of your data
5. Compute basic descriptive statistics

basic tips to assess data quality

https://docs.google.com/spreadsheets/d/1XM-7O59vc6MEy4xOYrdfijDLkBOML-f1qyWnNY7Iag0/edit#gid=1763957903
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partnership opportunities
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• Budget Instructions
• Decision Package Template
• Examples (good and bad)
• Website Trainer
• Office Hours

• Your feedback, much appreciated!

resources 



discussion
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• Explore at thepolicylab.brown.edu, and sign 
up for our listserv for updates, events, and 
ways to collaborate. 

• Check out the podcast at 
thirtythousandleagues.com.

connect with The Policy Lab

http://thepolicylab.brown.edu
http://thirtythousandleagues.com

